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Two goals

1. Systematically review drift correction algorithms to provide guidance to
researchers about how they work, when they should be used, and what

their limitations are

2. Lay a solid foundation for future work on drift correction by constraining
the problem domain, delimiting the core algorithms, and benchmarking
their performance



The algorithms

® attach
® chaln

® cluster
® compare
® merge

® regress
segment

® split
® stretch
® warp



The algorithms

® attach
® chaln

® regress
® warp



The algorithms

® attach baseline algorithm
® chain absolute-positional algorithm

® regress relative-positional algorithm

® warp sequential algorithm
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attach as a baseline
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Performance on
simulated data



Distortion parameters
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Regression parameters

Within-line regression
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Accuracy of algorithmic correction (%)
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Phenomena that the algorithms are invariant to
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Performance on
natural data
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Example trial by an adult

Original data attach chain
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Example trial by a child

Original data attach chain
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Accuracy of algorithmic correction (%)

Accuracy against the gold standard
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Percentage point improvement in accuracy

Improvement over no drift correction
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Conclusions

1. No silver bullet — some work will still be required to clean multiline reading
data

2. We have provided a systematic comparison of the major algorithms, which
should give researchers more confidence in using these methods

3. We have laid a solid foundation for future work in this area by unifying a
disparate literature under a single framework
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